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Why are we meeting?

•Goal: understand current work in causal inference and 
figure out interesting questions from a TCS perspective.

•Make concrete connections to property testing? non‐
asymptotic bounds/sample complexity? robust statistics? 
approximation algorithms? hardness? Also, (re‐)defining 
things in more CS‐friendly language.



Administrivia

• Plan is to meet once every two weeks.

• Please volunteer! You don’t necessarily have to be an 
expert on the topic. The goal is to learn and discuss. 

• I will post video recordings of the meetings.
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